Journal of Office Administration: Education and Practice, 6 (1), 2026

Journal of Office Administration: Education and Practice

NJ AEP

Journal Of Office Administration
Education and Practice

Hompage: https://ejournal.unesa.ac.id/index.php/joa

Journal of Office
Administration:
Education and Practice

Volume 6 Issue 1, pp.25-42 (2026)

Unveiling The Role of IT Capability in Human Resource Performance

| ®]

CCESS

Chock for
Updatos

through Organizational Learning and Smart Working

Mar’atus Sholikah®*, Heru Sulistyo®

*Master of Management Department, Faculty of Economics and Business, Universitas Islam Sultan

Agung Semarang, Indonesia

"Department of International Business Administration, Politeknik Balekambang Jepara, Indonesia

ARTICLE INFO

ABSTRACT:

Keywords:

IT Capability, organizational
learning, smart working, HR

performance

Article History:

Received April 1, 2026
Revised April 12,2026
Accepted April 20, 2026
Available online May 1, 2026

Correspondence:

Mar’atus Sholikah, Master of
Management Department, Faculty
of Economics and Business,
Universitas Islam Sultan Agung
Semarang, Indonesia. Email:
maratussholikah.poliban mail

-.com

This study aims to examine the strategic role of IT capability in improving
human resource performance through organizational learning and smart
working. In the context of digital transformation, organizations must not
only adopt technology but also learn how to utilize information
technology to support flexible and adaptive work patterns. This study
investigates how IT capability functions as a strategic capability that
promotes smart working and strengthens organizational learning to
enhance performance. This quantitative approach research administered a
survey to 139 employees of the Roudlotul Mubtadi’in Educational
Foundation, which was implementing an electronic work system. The
findings indicate that IT capability significantly influences human
resource performance both directly and indirectly through smart working.
The results confirm that smart working serves as an important operational
mechanism that integrates technological capability with performance
outcomes. Although organizational learning does not directly affect
performance, it helps establish the foundation for flexible organizational
capabilities, which in turn can enhance adaptability and responsiveness to
changing market conditions. Overall, the findings suggest that IT
capability functions as a strategic factor in enhancing human resource
performance in the digital era, particularly when organizations combine it
with smart working and organizational learning.

This is an open-access article under the CC-BY-SA license.
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INTRODUCTION

Digital transformation reshapes business processes, value creation, and human resource

performance. For example, the emergence of workforce information systems, work automation
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tools, digital collaboration platforms, cloud computing, data analytics, and data-driven
decision-making has changed how individuals manage work and make decisions more rapidly
(Shiferaw & Birbirsa, 2025). Consequently, organizations now regard information technology
transformation not merely as an administrative tool but as a strategic capability that helps them
remain competitive in an increasingly competitive environment.

Mikalef et al. (2020) state that information technology (IT) capability reflects how
effectively an organization generates strategic value by integrating IT management capability
with digital infrastructure. Similarly, Ravichandran (2018) finds that combining IT capability
with organizational strategy produces sustained competitive advantage. In line with Barney
(1991), valuable, rare, inimitable, and non-substitutable resources can generate enduring
advantages. IT capability fulfills these characteristics because it enables organizations to
develop adaptive and knowledge-based work systems, which can lead to improved decision-
making, enhanced efficiency, and better responsiveness to market changes.

However, possessing digital resources does not automatically improve performance.
Organizations must develop the capability to leverage their technological resources to conduct
productive internal processes, such as implementing effective training programs and fostering
a culture of innovation among employees. Mollah et al. (2024) determine that digital capability
significantly influences performance only when organizations support it with adequate digital
leadership and organizational readiness. This finding indicates that internal mechanisms
connect IT capability with performance outcomes.

One crucial mechanism is organizational learning. Argote & Miron-Spektor (2011)
define organizational learning as the process of creating, retaining, and transferring knowledge
to improve group performance. Obeso et al. (2020) argue that organizational learning enhances
institutional adaptive capacity through the continuous acquisition and utilization of knowledge.
Empirical evidence shows that organizational learning strengthens resilience, innovation, and
performance improvement (Bogale et al., 2025; Garcia-Martinez et al., 2023; Karnsomdee &
Nakmanee, 2025; Vargas-Hernandez & Almanza Jiménez, 2017).

In the era of digitalization, IT capability accelerates knowledge acquisition and
dissemination. Through organizational learning, Otioma (2023) demonstrates that IT capability
strongly influences innovation performance, particularly by enabling organizations to adapt
quickly to market changes and foster a culture of continuous improvement. Mikalef et al.
(2023) demonstrate that data-driven learning improves organizational capability by improving

digital skills. This integration shows that technology's strategic value is in the organization's
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ability to stimulate collective learning.

Despite the extensive literature on IT capability and organizational learning, few studies
link these factors to work system changes, especially in the context of emerging trends like
smart working that require rethinking traditional work practices, which can lead to improved
productivity and employee satisfaction, such as the need for new collaboration tools and
management approaches that support remote work environments. Scholars are studying smart
working more. Carbonara et al. (2022) describe smart working as a technology-based work
system that emphasizes flexibility, autonomy, and results orientation while relying on
integrated digital platforms. Zapata et al. (2024) argue that strong technological support and a
learning-oriented culture enable smart working to enhance employee engagement and
productivity. Furthermore, technology-based work flexibility can improve individual
performance, particularly in knowledge-intensive work (Felstead & Henseke, 2017), by
allowing employees to tailor their work environments and schedules to better suit their personal
productivity patterns and learning styles.

Several studies report diverse findings regarding IT capability, organizational learning,
smart working, and performance. Some researchers establish a direct correlation between IT
capability and individual or organizational performance (Shiferaw & Birbirsa, 2025;
Wicaksono & Utami, 2023), yet they neglect to address the mediating influences of
organizational learning and smart working. Second, smart working emerges from technology-
enabled organizational learning processes rather than from simple flexible work policies. Third,
value-based educational institutions like private foundations and Islamic boarding schools in
developing countries rarely study these correlations. Most studies focus on Google, Amazon,
and Toyota, developed-country private-sector companies.

Roudlotul Mubtadi'in Educational Foundation operates in a complex socio-religious
environment in pesantren colleges. Due to unique governance systems, limited technological
infrastructure, and pressures to maintain traditional values amid digital modernization, the
institution struggles to implement new technologies and adapt to changing educational needs
(Jaenullah et al., 2022), which hinders its ability to enhance educational outcomes and meet
the demands of a modern learning environment. These conditions provide a relevant practical
context for evaluating how IT capability facilitates organizational learning and reconfigures
work systems for educators and administrative staff. Fourth, several studies show
inconsistencies in measuring and integrating organizational learning and digital capability.

Many studies measure organizational learning through training or knowledge management
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indicators, ignoring systemic processes like leadership commitment and organizational
integration, which are vital to promoting continuous improvement and adaptability; thus, these
studies fail to capture the full scope of how these elements interact with digital resources to
enhance overall organizational effectiveness. Consequently, a theoretical gap remains
regarding how digital resources can improve human resource performance through
organizational learning and smart working.

From the perspective of dynamic capability theory, Teece (2018) emphasizes that
organizations must develop sensing, seizing, and transformation capabilities to survive in
rapidly changing environments. In this study, IT capability functions as a foundational
resource, organizational learning acts as the sensing and seizing mechanism, and smart working
represents a form of capability transformation that reconfigures work systems. Thus,
integrating technology, collective learning, and evolving work patterns forms a dynamic
process that enhances employee performance. This study integrates the Resource-Based View
and Dynamic Capability Theory to explain how learning processes and the reconfiguration of
work systems influence performance. The study also defines smart working as a competency
resulting from organizational technology learning, not just a flexible work policy, emphasizing
its role in workforce innovation and adaptability. This research contributes to strategic
management and digital human resource management literature and provides practical insights
for organizations seeking digital transformation strategies that prioritize human resource

performance.

METHOD
Data Collection and Sampling
Roudlotul Mubtadi’in Balekambang Educational Foundation is an Islamic educational
institution based on the pesantren system that is currently undergoing digital transformation in
its learning, administrative, and management systems. This study examines how organizational
learning, smart working, and IT capability relate to digital-based human resource performance.
All educators involved in the study (N = 214) work across five formal educational units:
Islamic Elementary School or Madrasah Ibtidaiyah (MI), Islamic Junior High School or
Madrasah Tsanawiyah (MTs), Islamic Senior high school or Madrasah Aliyah (MA),
Vocational High School or Sekolah Menengah Kejuruan (SMK), and a polytechnic. Because
the population is clearly defined, the study applies proportional sampling to maintain structural

representation across educational units.
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The researchers determined the minimum sample size (n = 139) using the Krejcie and
Morgan table and verified it with the Slovin formula (e = 5%). This sample size exceeds the
minimum threshold of ten times the model's largest structural path (Hair & Alamer, 2022),
indicating that it can estimate a moderately complex model.

To reduce non-response bias, the researchers collected data over three months using a
multimode approach that combined online and offline distribution. Data screening identified
missing values, multivariate outliers, and inconsistent response patterns. The final estimation

used 139 valid observations.

Measurement

The researchers adapted the research instruments to the context of pesantren-based
education and modified them from previously validated scales. All items were measured using
a seven-point Likert scale. Jerez-Gomez et al. (2005), Jyothibabu et al. (2010), dan Pai &
Huang (2011) define organizational learning as culture, learning strategy, knowledge transfer
and integration, and leadership for learning.

The researchers adapted the smart working construct from Carbonara et al. (2023) and
Rapp et al. (2006), covering technological, organizational-managerial, people, and planning
and organization skill aspects. Meanwhile, IT capability—based on Mao et al. (2016), Turulja
& Bajgoric (2016), and Zahra et al. (2019)—includes IT infrastructure resources, IT human
resources, IT correlation resources, and IT knowledge. The human resource performance
instrument—based on Pradhan & Jena (2017), Shao et al. (2024), dan Zhang et al. (2024)—
measures task performance, adaptive performance, contextual performance, and innovative
performance.

To ensure conceptual clarity and relevance to the pesantren-based educational context,
the researchers conducted a pilot study (n = 35). The pilot test produced validity values ranging
from 0.533-0.880 for organizational learning, 0.393-0.862 for smart working, 0.669—-0.931 for
IT capability, and 0.380—0.940 for human resource performance. The reliability coefficients in

the pilot test ranged from 0.811 to 0.847.

Data Analyses
This study uses variance-based structural equation modeling to assess latent construct
causal correlations. This method works for exploratory—predictive models with non-normal

data and structural complexity (Hair &amp; Alamer, 2022). The analysis is two-stage. First,
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researchers check the measurement model for convergent and discriminant validity. Second,
they evaluate the structural model to test path significance, explanatory power (R?), effect size

(f*), and predictive relevance (Q?).

RESULTS AND DISCUSSIONS
Respondent Profiles

Table 1 presents the respondents’ demographic profile. Female respondents (51.08%)
outnumber male respondents (48.92%). This sex type distribution shows Indonesia's female
teaching majority.

Table 1. Respondent Demographic Information

Profile Categories Frequency %
Sex types Male 68 48.92
Female 71 51.08
Age (years old) 22 -35 69 49.64
36 -45 62 44.60
46 — 55 5 3.60
56 — 65 3 2.16
Unit MI 12 8.63
MTs 51 36.69
MA 19 13.67
SMK 38 27.34
Polytechnic 19 13.67
Latest education S1 112 80.58
S2 27 19.42

The largest age group (49.64%) is 22-35, followed by 3645 (44.60%), 4655 (3.60%),
and 5665 (2.16%). Eighty percent of respondents have bachelor's degrees, and nineteen

percent have masters or S2. This data shows that they are relatively well-educated.

Model Assessment
The evaluation of the measurement model provides the foundation for assessing construct
quality. The structural model in this study consists of reflective—formative higher-order

constructs.
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Figure 1. Outer Model

Lower-order components

The researchers evaluated factor loadings as the first step in assessing measurement
quality criteria (see Table 2). All items exhibited factor loadings exceeding the minimum
threshold of 0.70 (Hair & Alamer, 2022). The magnitude of the outer loadings confirms the
reliability of the indicators.

Table 2. Outer Loadings

Variables Indicators  Loading factor
HR KP1 0.921
Performance KP2 0.876
) KP3 0.926

KP4 0.883

Organizational OL1 0.901
Learning (M1) OL2 0.940
OL3 0.940

OL4 0.940

Smart Working SW1 0.891
M2) SwW2 0.923
SW3 0.862

Sw4 0.893

IT Capability Z1 0.921
X) 72 0.936
Z3 0.940

74 0.915

Next, the researchers assessed reliability using Cronbach's alpha, rho_a, and composite
reliability. Table 3 shows Cronbach's alpha values from 0.915 to 0.948 and composite
reliability values from 0.940 to 0.961. Both reliability indicators exceed the reliability statistics
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threshold of 0.70 (Wasko & Faraj, 2005). Higher rho_a values indicate higher reliability, with
a research reliability threshold of 0.70 or higher (Henseler et al., 2016). All tho_a values exceed
0.70 (see Table 3). Therefore, the constructs demonstrate adequate reliability.

Table 3. Reliability and Validity Analysis

Construct a rho a rho ¢ AVE
Y 0923 0927 0.946 0.813

X 0946 0949 0.961 0.861

M1 0948 0951 0.963 0.866
M2 0915 0917 0.940 0.797

Convergent and discriminant validity serve as statistical indicators of construct validity.
Convergent validity is confirmed when the average variance extracted (AVE) reaches or
exceeds the recommended threshold of 0.50 (Hair & Alamer, 2022). In this study, all AVE
values exceed 0.50 (see Table 3), confirming convergent validity.

Table 4. Heterotrait-Monotrait Ratio (HTMT)

Construct Y X M1 M2
Y
X 0.820

M1 0.686 0.762
M2 0.903 0.913 0.858

The researchers assessed discriminant validity using the heterotrait—-monotrait ratio
(HTMT), which estimates correlations among constructs. All HTMT values fall below the
conservative threshold of 0.85, except for three values that remain below the more liberal
threshold of 1.00 (see Table 4) (Henseler et al., 2015). In addition, the researchers applied the
Fornell-Larcker criterion as a second method for evaluating discriminant validity Fornell &
Larcker (1981). This method verifies that the square root of the AVE for each construct exceeds
the inter-construct correlations represented by the diagonal elements, as shown in Table 5.
Therefore, the results confirm discriminant validity.

Table 5. Fornell-Larcker Criteria

Construct Y X M1 M2
Y 0.902
X 0.770  0.928

M1 0.643 0.728 0.930
M2 0.834 0.852 0.798 0.893

Validating higher-order constructs
This study uses variance inflation factor (VIF) and outer weights to validate higher-order
constructs. Table 6 shows that all VIF analysis values are below 5 for collinearity (Hair &

Alamer, 2022).
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Table 6. Variance Inflation Factor (VIF)
Construct VIF

KP1 3.580
KP2 3.067
KP3 4.085
KP4 3.017
OL1 3.150
OL2 4.818
OL3 4.634
OL4 4.078
SW1 4.197
SW2 4.097
SW3 2.492
SW4 2.902
7Z1.1 4.224
71.2 4.213
713 4.065
714 4.227

Next, all outer weights (see Table 7) are statistically significant (Hair & Alamer, 2022).
When the p-value is below 0.05, researchers consider the indicator valid and retain it in the
model (Sarstedt et al., 2019). Therefore, the results confirm a high level of construct validity
that satisfies all specified criteria.

Tabel 7. Outer Weight
Construct QOuter Weight T statistics P values

YI1->Y 0.302 30.967 0.000
Y12>Y 0.255 27.958 0.000
Y1.3->Y 0.279 27.496 0.000
Y14>Y 0.272 29.577 0.000
M1.1 > M1 0.268 21.537 0.000
M1.2 > M1 0.281 20.535 0.000
M1.3 > M1 0.242 19.040 0.000
M14 > M1 0.285 23.970 0.000
M2.1 > M2 0.267 25.641 0.000
M2.2 »> M2 0.280 32.030 0.000
M2.3 > M2 0.272 18.738 0.000
M2.4 > M2 0.301 23.534 0.000
X11->X 0.268 26.014 0.000
X12->X 0.257 46.596 0.000
X13->X 0.293 29.309 0.000
X14->X 0.259 34.533 0.000

Common Method Biases
Following Podsakoff et al. (2003), the study addresses common method bias (CMB)
using the full collinearity VIF approach proposed by Kock et al. (2021). The internal model

VIF values for all structural paths range from 2.492 to 4.818, which remain below the
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recommended threshold of 5.000 (Kock et al., 2021). Therefore, the model does not exhibit

common method bias.

Structural Model Assessment

The study uses R? values for dependent variables to evaluate the strength of each
structural path in the PLS-SEM model and to assess overall model quality. According to
Villalva A. (2021), an R? value of 0.10 or higher indicates acceptable model fit. As shown in

Table 8, all R? values exceed 0.10, indicating strong predictive capacity.
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Gambar 2. Outer Model

Table 8. Assessment of Structural Model

Construct Q% (>0) R? SRMR (<0.10)
Ml 0.518 0.530 0.089

M2 0.720 0.726

Y 0.589 0.711

The researchers further assess predictive relevance using the Stone—Geisser (Q?) test. Q?
values greater than zero indicate that the proposed structural model has significant predictive
relevance for the endogenous constructs Hair & Alamer (2022). All Q? values exceed zero,
demonstrating strong predictive relevance for the endogenous components. In addition, the
standardized root mean square residual (SRMR) value is 0.089. Consistent with the criteria
proposed by Hu & Bentler (1999), this SRMR value (SRMR < 0.10) confirms the model’s
acceptable fit.
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Tabel 9. Total Direct Effect

Hypothesis B SD T statistics P values
HlI : X->Y 0.234 0.119 1.969 0.049
H2 : MlI->Y -0.092 0.119 0.773 0.440
H3 : M2-Y 0.708 0.165 4.292 0.000

The results indicate that IT capability (X) significantly improves human resource
performance (Y) ( = 0.234, p < 0.049), and smart working (M2) also significantly enhances
human resource performance (Y) (B = 0.708, p < 0.000), as hypothesized in H1 and H3,
respectively (see Table 9). Table 9 shows 95% confidence intervals from bootstrapping with

5,000 resamples. Non-zero confidence intervals indicate significant correlations.

Mediation Analysis

This study employs mediation analysis to explore the indirect correlations among X, M1,
M2, and Y by examining whether organizational learning and smart working act as mediators
(see Table 10). The analysis indicates that M2 significantly mediates the correlation between
Xand Y (H5: B=0.109, p = 0.003). In contrast, M1 does not play a significant mediating role
(H4: B =—-0.067, p = 0.441) in the correlation between X and Y. Therefore, the study rejects
H4 and accepts HS.

Tabel 10. Total Indirect Effect

Hypothesis B SD T statistics P values
H4 : X->MlI->Y -0.067 0.087 0.770 0.441
H5 : X->M2-5Y 0.603  0.150 4.022 0.000

Discussion

This study examines how IT capability—an organization's ability to manage and use
information technology—affects human resource performance directly and indirectly through
organizational learning and smart working, mediating variables. IT capability positively and
significantly impacts human resource performance, according to PLS-SEM. These findings
suggest that managing, integrating, and using information technology improves human
resource performance.

Consistent with the Resource-Based View (RBV) perspective (Barney, 1991),
organizations can derive improved performance and competitive advantage from strategic
capabilities and resources. In the digital environment, organizations view IT capability as a
strategic capability that accelerates processes, speeds up decision-making, and improves the
quality of work coordination. Mikalef et al. (2020) demonstrate that IT capability enhances
organizational performance by optimizing data-driven processes. Similarly, Dubey et al.
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(2020) show that digital capability improves organizational performance by integrating
systems and increasing organizational responsiveness.

IT capability also affects smart working, particularly in how it allows organizations to
adopt flexible work arrangements and improve remote team collaboration, which can lead to
increased productivity and employee satisfaction. This suggests that an organization's IT
readiness and maturity strongly affect flexible and technology-based work systems. According
to the dynamic capability perspective proposed by Teece (2007), capability transformation
involves an organization’s ability to convert resources into adaptive work systems. Through IT
capability, institutions can develop digital work systems, online collaboration mechanisms, and
task management platforms. Supporting this view, Chatterjee et al. (2023) and Cherbib et al.
(2021) demonstrate that digital capability significantly influences digital work effectiveness
and employee productivity.

Furthermore, Chuang et al. (2025) and Wang & Wang (2022) argue that technology-
based work design can increase employee productivity by strengthening autonomy and self-
regulation. These findings align with the present results because smart working represents a
practical manifestation of IT capability utilization. The study also shows that smart working
has a positive and significant effect on employee performance. This finding indicates that
flexible, technology-based, and results-oriented work systems can enhance individual
productivity and performance quality. When organizations provide adequate structural support,
integrating technology into flexible work systems increases employee engagement and
performance (Molino et al., 2020). Job flexibility also makes people happier at work and more
productive (Allen et al., 2015).

The mediation analysis further shows that smart working significantly mediates the
correlation between IT capability and human resource performance. This finding suggests that
the influence of IT capability on performance intensifies when organizations deploy it via
particular work systems. In other words, organizations must integrate technology into
operational practices to maximize its impact on performance outcomes. This finding aligns
with Khin & Ho (2019), who report that the impact of digital capability on performance
becomes optimal when organizations combine it with operational capabilities.

Although IT capability significantly influences organizational learning, the results show
that organizational learning does not significantly affect employee performance, indicating that
while IT may improve learning processes, the outcome does not necessarily improve employee

performance. Argyris & Schon (1997) say organizational learning boosts effectiveness.
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Organizations learn to improve processes and capabilities and adapt to environmental changes,
which can lead to enhanced competitiveness and innovation in response to market demands.

However, empirical research often shows that the effect of organizational learning on
performance is indirect. Inthavong et al. (2023) and Chan et al. (2024) report that organizational
learning influences firm performance through mediating mechanisms such as innovation.
These findings indicate that when organizational learning affects performance, organizations
must implement innovation or operational changes. Therefore, in this study, the organization
may have partially embedded organizational learning into everyday work practices, which
explains why it indirectly influences human resource performance.

Overall, the findings indicate that, in the context of digital transformation, the ability to
utilize technology and digital work systems affects individual performance more directly than
structural organizational learning mechanisms. IT capability functions as the strategic
foundation, smart working serves as the operational mechanism, and human resource
performance represents the primary outcome. Although organizational learning still contributes
to strengthening organizational capacity, its impact on individual performance requires
additional mechanisms to operate more effectively, such as enhanced communication channels

and targeted training programs that align with digital transformation initiatives.

CONCLUSION

The study finds that information technology capability plays a crucial role in improving
human resource performance. IT capability functions not merely as a supporting infrastructure
but as a strategic asset that enables organizations to optimize smart working practices and
develop work systems that are more adaptive, flexible, efficient, and responsive.

To translate IT capability into tangible performance improvements, smart working
emerges as a critical mechanism. The integration of technology, work flexibility, and employee
autonomy enhances productivity and improves the quality of outputs. These findings indicate
that digital transformation strongly depends on the synergy between technological capability
and flexible work design. Meanwhile, although organizational learning does not directly
influence performance, it plays a strategic role in developing dynamic capabilities within
organizations. Organizational learning helps organizations become more prepared to adapt and
to strengthen IT capability in the long term, which is essential for maintaining competitiveness

in a rapidly changing digital landscape.
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The robustness test results indicate that the correlations among variables remain stable
after the model includes control variables. In addition, the common method bias test confirms
that the research model does not suffer from measurement method distortion. From a
theoretical perspective, this study integrates the resource-based view and dynamic capability
theory to explain human resource performance in the context of digital transformation.
Consequently, these findings extend the existing literature. Organizations must prioritize IT
capability, learning culture, and smart working practices to adapt to digital transformation and

achieve sustainable and competitive human resource performance.
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